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|nitiative (WH|)’ CO”eCtively, 11 predictors BMD SUb-COhOI’t were Se|eCted fOI‘ th'S anaIyS|S Fracture No Fracture Fracture No Fracture EQG? | EO'G_
- - Age,y 110 4906 158 6066 g% g 0.5/
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WHI bone mineral density (BMD) cohort, % Other covariates, including age, race/ethnicity, health S e R——— - s
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O b e Ctlve ¢ Hip structural analysis (HSA) program was applied to that 10-years hip fracture risk may
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archived DXA scans to estimate BMD and structural parameters Figure 2: Predicted probability in clinical trial arm based on 11 predictors identified by be well predicted by clinical risk
(BMD [g/cm2], cross-sectional area [cm?2], outer diameter [cm], Robbins and colleagues (2007) plus BMD . factors with or without BMD. ,
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assessments in predicting a high dimensional space, complex nonlinear “decision Loyt number of hip fractures in the
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Figure 1: SVM classifying WHI OS “+Logistic regression was used to build a prediction model
cohort by weight, age, and height for 10-year hip fracture risk. The model was fitted on the OS Robbins et al. Factors Associated With 5-Year

cohort with all 11 predictors identified in Robbins et al. (2007)
and used to predict 10-year hip fracture risk for the CT
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